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ABSTR ACT

Organisational culture (OC) is a crucial factor that every organisation must address in order to
thrive in the digital economy. The present study investigates the crucial drivers employing OC,
external factors (EF), and organisational internal resources (OR) in adopting artificial
intelligence tools by Delhi-NCR small and medium-sized businesses. Extensive scholarly
literature forms the foundation of the study's conceptual framework. The study adopts a research
philosophy rooted in positivism and utilises a deductive approach to investigate the relationship.
The research strategy employed is survey-based. Utilising a straightforward method of random
sampling to encompass a diverse range of industries and businesses. The study collected data
from 196 SME owner-managers in order to examine the representable factors of the entire
Delhi-NCR SMEs that influence their success or failure to adopt Al. We conducted the analysis
using Smart-PLS 4 to evaluate the relationship between the endogenous and exogenous variables
in the measurement and structural model. The study's findings indicate that OR, OC, and EF
have a significant positive influence on Al adoption. This suggests that SMEs can improve their
Al outcomes by enhancing their OR, OC, and EF processes. These findings can assist decision-
making and resource allocation by emphasising the significance of critical factors in promoting
Al outcomes and identifying areas where efforts may not yield desired results. According to the
study, a key factor contributing to the limited adoption of Al among SMEs is the absence of
support from top management. The study findings will provide valuable insights for
policymakers and institutional chambers regarding the role of OC, OR, and EC in information
system adoption. These insights can help inform the development of policies that take these
important connections into account. Finally, the findings would enhance the understanding of
the literature by presenting empirical evidence from the SMEs of Delhi-NCR, India.

KEYWORDS: SMEs; Business Environment; Artificial Intelligence; Adoption; Emerging
Countries.

INTRODUCTION

The integration of artificial intelligence (Al) has revolutionised business operations across
industries, fundamentally altering the competitive landscape (Mdller, Fay, and von Brocke,
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2018). This paper delves into innovative approaches for uncovering patterns within raw data to
enhance decision-making accuracy, productivity, information development, and innovation
support (Acharya, Singh, Pereira, and Singh, 2018; de Vasconcelos and Rocha, 2019; Yaqoob et
al., 2016). In an era marked by significant change, Al plays a pivotal role, leading exploration
into new boundaries and opportunities (Budhwar et al., 2022). Advancements in machine
learning and big data analytics have positioned Al as a valuable tool for marketers, enabling a
profound understanding of consumer behaviour, improved marketing campaigns, and enhanced
business performance.

Small and medium-sized enterprise (SME) marketers, leveraging machine learning and data
analytics, gain fresh perspectives on customer behaviour and preferences. This knowledge
empowers the creation of more personalised, effective, and efficient marketing campaigns (Ma
and Sun, 2020; Boddu et al., 2022; Volkmar et al., 2022). However, a critical question remains
unanswered: what are the primary determining factors influencing the adoption of Al in local
SMEs?

In today's highly competitive corporate landscape, staying technologically updated, including the
integration of Al, is crucial for organisations, including SMEs. Al has the potential to assist
significantly in strategic marketing decisions, offering benefits and opportunities for SMEs to
optimise operations, enhance decision-making processes, and improve overall business
performance (Davenport et al., 2020). Yet, successful Al implementation requires meticulous
planning, substantial financial resources, and specialised knowledge (OECD, 2021). Despite
these challenges, the potential advantages position Al as a potent instrument for SMEs to
stimulate growth, foster innovation, and enhance competitiveness in the digital age (Campbell et
al., 2020; Kumar et al., 2021).

Delving into the local economic structure of Delhi-NCR, SMEs contribute significantly,
constituting 29.15% of the gross value added (GVA) in the overall Indian GDP for the year 2022
(Press Information Bureau, 2023). However, these SMEs lag in Al adoption due to a limited
understanding of Al capabilities and insufficient resources for implementation (Ambad et al.,
2020; Jaganathan et al., 2018). Despite their economic contribution, there is a dearth of research
on Al and its impact on SMEs in Delhi-NCR. According to the Economic Census 2016-2021,
there are 37,047 SMEs in Delhi-NCR (Ministry of Micro, Small, and Medium Enterprises,
2024).

This study aims to fill existing research gaps by investigating the correlation between
environmental factors (EF), organisational culture (OC), organisational resources (OR), and Al
adoption in SMEs from the perspective of Delhi-NCR's management. Despite previous research
on Al adaptability, the distinct ecosystems of SMEs necessitate targeted exploration. Identifying
determinants of success or failure in Al implementation in different sectors of Delhi-NCR’s
SME ecosystem is crucial for effective strategies and frameworks (Lada et al., 2023).

Research gaps in the adoption of Al in Delhi-NCR SMEs include a limited understanding of Al
capabilities, resource constraints, and a lack of comprehensive studies specific to Indian region
(refer Figure 1 and Figure 2). Additionally, the determinants of Al adoption success or failure in
different industries within Delhi SMEs remains unexplored. A targeted study addressing these
gaps can provide valuable insights into the factors influencing Al adoption, facilitating the
development of customised strategies and frameworks for SMEs in Delhi-NCR.
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Figure 1. Trends of researches done in SMEs context with Artificial Intelligence Adoption from
year 2008-2024

Source: Author’s Own
Figure 2. Emerging and Advanced Country wise research papers ranging from 2018-2024
Source: Author’s Own

This study aims to contribute to a more comprehensive understanding of the challenges and
advantages of Al implementation in SMEs in Delhi-NCR. By addressing these research gaps, it
seeks to assist SMEs in making informed decisions and navigating the complexities of Al
adoption. The findings will be instrumental in developing efficient strategies, frameworks, and
tools tailored to the unique needs of SMEs in Delhi-NCR, ultimately empowering them to
leverage the advantages offered by Al technologies and enhancing their overall competitiveness
in the market.

Literature Review
Artificial intelligence (Al)

Al is the study of computer science that centres around developing intelligent machines capable
of performing tasks that usually necessitate human intelligence (Joiner, 2018). Al systems are
created to analyse and interpret data, acquire knowledge from experiences, make decisions, and
solve problems in a manner similar to human cognition. Algorithms, machine learning
techniques, and large datasets are utilised to gain knowledge, enhance performance, and adjust to
evolving situations (Xu et al., 2021). Artificial intelligence (Al) is a broad field that includes
subfields like natural language processing, computer vision, robotics, expert systems, and neural
networks. It has applications in various domains such as healthcare, finance, transportation,
gaming, small and medium-sized enterprises (SMEs), and marketing strategy. Small and
medium-sized enterprises (SMEs) can derive various advantages from incorporating artificial
intelligence technology. These include the opportunity to enhance internal processes, improve
decision-making, and increase productivity. Prior research has examined the challenges and
restrictions of implementing Al in small and medium-sized enterprises (Hansen and Bggh, 2021;
Moradi and Dass, 2022; Ulrich and Frank, 2021). Consequently, the discussion regarding the
impact of Al on small and medium-sized enterprises (SMESs) is broadening.

Environmental Factors (EF)

EF evaluates how much a country's or industry's external environment impacts an enterprise.
Environmental factors greatly influence SMEs' intention to embrace artificial intelligence for
digital transformation, underscoring the importance of external context in driving technological
adoption in SMEs (Dwivedi et al., 2021). SMEs frequently lack the skills, funding, and
infrastructure to use Al effectively. EF helps SMEs overcome Al implementation obstacles and
increase efficiency, decision-making, competitive advantage, and customer service (Rosa et al.,
2022; Ragazou, 2023; Sjodin, 2021). Support for Al use boosts SME business performance. ES
helps SMEs deploy Al, employ Al technologies, and improve productivity, decision-making,
competitive advantage, customer service, data-driven insights, and scalability (Fountaine et al.,
2019, OECD, 2021). Together, these characteristics boost SME performance. However, studies
have shown that many elements influence the building of external factors in lieu of the purpose
of adopting Al for digital transformation; thus, it is necessary to analyse the crucial
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environmental factors that affect the DV of this study in India. This study operationalizes
competitive pressure, regulatory norms, and customer readiness to pressure firms to adopt Al.
Companies must improve their products, services, and strategies to compete (Baabdullah et al.,
2021). Businesses must handle competition to thrive (Wu et al., 2023). Al enables competitive
analysis, tailored marketing, pricing optimisation, customer experience improvement, and
predictive analytics. To compete, businesses can gain insights, target customers, optimise
pricing, improve customer experiences, and make data-driven decisions. Many empirical studies
show that innovation increases competition. Competitive pressure drives SMEs to adopt Al in
their daily operations (Truong, 2022). SMEs' clients’ Al adoption depends on customer
preparedness. SMEs must understand consumer readiness to design Al adoption strategies as
they digitise. Technological optimism, insecurity, and discomfort affect this aim (Flavién et al.,
2022). Job relevance and perceived utility drive banking industry digital solution adoption
(Omrani et al., 2022). According to Davis (1989) and Rogers (2003), consumer readiness is a
measure of technology acceptance, digital literacy, and audience openness. For SMEs' digital
transformation, customer preparedness and external factors drive Al and digital solution
acceptability. Government legislation accelerates SMEs' digital transformation with Al. SMEs in
rigorous regulatory environments may need Al technology to comply, according to research
(Teo, 2019). Government regulatory pressure forces companies to embrace and implement
digital technology standards, norms, and recommendations. According to Damanpur (1991) and
Teo (2019), government regulation pressure in the macro environment impacts company
behaviour, especially in technology-transformative sectors. Government legislation and
environmental considerations also make SMEs understand the necessity of Al adoption for
regulatory compliance, competitiveness, and future-proofing. Based on the above literature, the
following hypothesis is proposed:

H1:External factors significantly affects the intention to adopt the Al for digital transformation
by the Indian Firms.

Organisational Culture (OC)

OC is a comprehensive concept that includes common values, beliefs, customs, and practices that
govern an organisation. Strong-focused, adaptable organisations are more likely to adopt new
technology (Jung et al., 2003). Successful Al adoption for digital transformation in small and
medium enterprises (SMEs) is not merely a technological challenge but also determined by the
organisation's culture (Kagumba and Wausi, 2018). Various studies have examined
organisational culture in various dimensions, like Valtiner and Reidl (2021). Change resistance,
job displacement anxiety, and significant cultural shifts make promoting organisational culture
with Al adoption difficult. On the contrary, these challenges allow organisations opportunities to
actively shape their culture, invest in staff education, and establish clear communication channels
(Zhang et al., 2019; Fernandes et al., 2013; Jung, 2003). Top management commitment is also
vital to strategic decision-making. Strategic decisions in SMEs affect the company's long-term
orientation and competitiveness (Dubey et al., 2018; Soltani, 2005). These decisions may involve
choosing target markets, creating new products or services, forming partnerships, embracing new
technologies, or expanding internationally. TMC is crucial to SMEs' strategic Al adoption and
implementation decisions (Deepu and Ravi, 2021; Jayashree et al., 2021). Previous research has
shown that TMC and Al adoption are linked. Top management commitment is crucial to the
SME Al adoption strategy. It promotes Al awareness, integration, change acceptance, and
benefits (Lemos et al., 2022; Rosa et al., 2021). Top management commitment is key to using Al
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to improve SMEs' decision-making, competitiveness, and performance. Organisational culture
factors, including control, social control, and customer focus, increase Al adoption (Kagumba
and Wausi, 2018). Sharma et al. (2022) revealed that SMEs' Al-based chatbot adoption intention
was positively correlated with top management support and employee capabilities. This shows
that a supportive and innovative company culture might help Al adoption. Ingalagi et al. (2021)
found that top management commitment and organisational readiness affect SME Al
implementation. These findings demonstrate the importance of a culture that appreciates and
encourages technical innovation in SMEs' Al adoption for digital transformation. However,
studies have not clearly highlighted the importance of fostering an organisational culture
environment that enables employees willingness and change management to adopt Al for digital
transformation. On contrary, Chaudhry (2022), these factors are also significant and may
influence the intention to adopt Al as they demonstrate trust in new technologies, firm
usefulness, and a firm culture towards ease of use to promote Al adoption among SMEs. Also,
cultural factors like willingness to change affect Al adoption (Zhang et al., 2019). Organisations
that are more flexible are more likely to use Al technologies. Additionally, innovative and
adaptable firms are more likely to adopt new technology (Jung et al., 2003). Change
management helps reduce resistance, promote favourable attitudes towards new technology, and
ensure a smooth Al-driven process shift (Chaudhry, 2022). SME's adoption of Al requires a
testimonial that showcases the impact of change management and employees willingness to use
Al and enabled tools, as organisational culture is crucial for mitigating resistance, fostering a
positive attitude towards new technologies, and ensuring a smooth transition to Al-driven
processes (Savola, 2018). Thus, it becomes imperative to investigate the effect of organisational
culture towards intention to adopt the Al for digital transformation in the Indian context.
Following hypothesis is proposed:

H2: Organisational culture pushes Indian SMEs significantly for Al adoption.
Organization resource (OR)

Major organisational resources are financial, human, technological, and knowledge-based. Al
adoption by SMEs depends on financial and technological resources (Dey et al., 2023). SMEs
need resources and expertise to manage and exploit Al technology and infrastructure (Al-Hornai
et al., 2023). Lack of IT maturity and concern about losing control over critical company
activities to machine-based algorithms prevent SMEs from adopting Al (Schoeman and
Seymour, 2022). These organisational components stress resource issues and IT skills and
knowledge to encourage SMEs to use Al (Mokhtar and Salimon, 2022).

Budget capacity determines Indian SMEs' digital transformation (Dey et al., 2023). Corporate
size and technology investment have an impact on Al adoption (DeStefano et al., 2022). Larger
firms and those investing in cloud computing and database systems profit from Al (Gans, 2023).
Cost-effectiveness, resource availability, and vendor support drive Al-based technology adoption
(Al-Horani et al., 2023). A firm's cost structure improves greatly with Al automation. How
augmented Al affects a firm's profit and expense structures is uncertain. The study will assess
whether a firm's budgetary capacity impacts its digital transformation and Al adoption ambitions.

Technology maturity of Indian SMEs' infrastructure determines Al adoption. Davenport et al.
(2010) say Al applications need robust technology. SMEs with better technology are more likely
to adopt Al for digital transformation. Many studies have examined how technology resources
affect SME Al adoption. According to these research, SMEs with modern hardware, software, IT
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infrastructure, and skilled IT personnel are more likely to adopt Al. Al may be integrated into
SMEs with the right resources (Abuselidze and Mamaladze, 2021). Technology helps SMEs
overcome Al adoption barriers like cost, relative advantage, and organisational readiness.

Indian SMEs need Al competence, training, and development. According to Damanpour (1991),
a learning-centric workplace promotes competency, technical efficiency, and technology
adoption (Rawashdeh et al., 2023). SMEs with this culture should embrace Al for digital
transformation.

Al benefits boost digital transformation. The diffusion of innovation theory (Rogers, 2003)
suggests that SMEs will adopt Al if it offers a clear advantage over present practises. McDougall
et al. (2022) found that SMEs are more likely to use Al if it improves productivity, cost
reductions, and decision-making. Innovations may boost company performance (Rogers, 2003).
Its advantages over alternatives help firms accept innovation. Business value drives innovation
adoption (Ali Abbasi, 2022). Companies employ useful innovations more often (Chatterjee et al.,
2020). Big data, blockchain, social media marketing, and mobile payment adoption intents
increase with relative advantage (Park and Kim, 2021; Hashimy et al., 2023). Al helps with
business model innovation, sales, operations, and client targeting. Al adoption benefits must be
assessed in competitive markets to obtain an edge. Thus, it is vital to establish if Indian SMEs
benefit from Al for digital transformation.

SMEs undertaking digital transformation must focus on Al systems; trust is crucial. Mayer et al.
(1995) discovered that SME trust in Al technologies is associated to favourable adoption
intentions because trust is based on openness, reliability, and security. Trust reduces risks and
increases SME Al adoption.

Efficiency gains from Al greatly impact SMEs' digital transformation ambitions. Bughin et al.
(2020) believe SMEs that see Al's operational efficiency potential are more inclined to adopt it.
Artificial intelligence, process optimisation, and resource use boost efficiency. Machine
learning-based Al models boost SME productivity and decision-making (Rawashdeh et al.,
2023). Accounting efficiency affects SME Al adoption and projected factors (Polas et al., 2022).
Their study found that Al accounting automation saves time and boosts efficiency, making SMEs
more open to Al. Al can boost SMEs' inventory, decision-making, and performance.

The ease of implementing Al affects Indian SMEs' goals. Venkatesh et al.'s (2003) TAM links
perceived ease of use to adoption. SMEs that prefer user-friendly Al solutions with little training
are more likely to adopt. Al technology and their benefits are known before acceptance.
Knowing industry trends, market education, and government incentives makes SMEs more likely
to employ Al for digital transformation (Goncalves et al., 2022). Awareness promotes adoption.
Also, SMEs seeking digital transformation must assess Al system performance and capacity.
Companies who believe Al can boost performance, competitiveness, and efficiency employ it
more (Fountaine et al., 2019). Al adoption by SMESs depends on accuracy and reliability.

OR Al adoption substantially influences SME operations and performance. Thus, high OR
enhances resource management, trust, efficiency, ease of use, competency, robust data
management, cooperation and skill development, awareness, and knowledge by integrating Al
deployment with organisational strategy. Operational efficiency, decision-making, resource use,
and performance improve SMEs. OR in Al adoption severely affects SMESs' operations and
performance, therefore we proposed the following hypothesis.
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H3: Organization Resources significantly influences the adoption of Al technologies.
Methodology

The study's philosophy is deemed to be positivism, followed by a deductive approach. The
strategy employed for this study is survey-based, followed by a mono-method choice. The study
used simple random sampling for the investigation. For analysis of hypotheses and conceptual
models to be validated through PLS-SEM. As,in exploratory research, PLS-SEM yields accurate
results (Hair et al., 2018). This method also does not limit the survey sample size (Willaby et al.,
2015). Data with non-normal distributions cannot be analysed using covariance-based structural
equation modelling (SEM). However, PLS-SEM may assess data without a normal distribution
(Sarstedt et al., 2017; Khan et al., 2019). Smart PLS 4 analysed structural and measurement data.
Smart PLS 4 software was used because it can analyse small data samples and validate
theoretical frameworks from a prediction perspective (Hair et al., 2019). Surveying is the first
stage in PLS-SEM. Survey participants' replies are analysed using a standard scale. The study
used a 5-point Likert scale from 1 (strongly disagree) to 5 (strongly agree). All variables are
measured this way. Two academics and one IT specialist face-validated the draft measurement
scale. The pilot-phase study questionnaire was refined based on their responses to test
understandability, reliability, and validity. The unit of analysis was SME owners. Environmental
Factor (EF), Organisational Culture (OC), and Organisational Resources (OR) were the study's
three higher-order constructs, 17 lower-order constructs, and the dependent variable Al adoption
intention for digital transformation by Indian SMEs formed the model's conceptual foundation.
Figure 3 shows the proposed research model as analysed by the theoretical models and main
factors.

Sampling and Data Collection

Respondents owned or managed SMEs in the Delhi NCR from industries of services,
manufacturing, construction, and agriculture. The company owner or management is chosen
because they decide whether to implement new technology like Al. Al-customised knowledge is
assumed to be complete. The sampling frame included 37,047 SMEs from Delhi NCR listed and
registered with the MSME data portal. After repeated reminders sent twice a week via email and
WhatsApp message, 196 responses were obtained. Many Delhi NCR SMEs are small and do not
use Al-based solutions, which may explain the poor response rate. This amount is sufficient and
meets Hair et al.'s (2016) and 2019 guidelines. This study uses simple random sampling because
it covers multiple industries and business sizes. The difference is a crucial aspect of SME Al
adoption. The study employed Common Method Bias (CMB) and Harman's single-factor test to
authenticate the measurement items of the model. The initial component accounted for 38.6% of
the variation. Given that a single component does not account for the majority of the variance, it
is concluded that CMB is not significant in this particular situation (Podsakoff et al., 2003).

Figure 3: Conceptual Framework of the study
Respondents Profile

The data distributes SMEs by sector. Table 1 illustrates the number and proportion of SMEs by
sector. This survey included 196 SMEs, with each sector contributing a percentage. SME
numbers are highest in the services sector, with 84 companies (42.71%). Manufacturing follows
with 49 companies, or 25% of the total. The construction sector comprises 41 SMEs, or 20.83%
of the total. 22 SMEs, or 11.45% of the total, are in agriculture. The largest age group is 30—40,
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with 88 replies. The 40-50 age group follows with 62 respondents. The smallest age group is 20—
30, with 46respondents. The bulk of responses are male numbers 147, while 49 are female.
Moreover, 171 of the respondents were the small scale business owners and the rest 25 were
medium scale sized business.

TABLE 1: RESPONDENT’S PROFILE BASED ON SECTOR

SME Sector N Percentage
Services 84 42.85
Manufacturing 49 25.00
Construction 41 20.83
Agriculture 22 11.45
Age

20-30 46 23.4
30-40 88 44.83
40-50 62 31.6
50 and Above 0 0
Gender

Male 147 75
Female 49 25
Size of Enterprise

Small Scale 171 87.25
Medium Scale 25 12.75

Validity of the Measurement Model

Fornell and Larcker (1981) used factor loadings, composite reliability (CR), average variance
explained (AVE), and reliability (Cronbach's alpha) to check for construct convergence. CR
values of 0.7 or higher, all standardised factor loadings of 0.5 or higher, and AVE values of 0.5
or higher indicate convergent validity (Cheung et al., 2023; Henseler, 2015). Table 2 reveals that
the higher-order construct measurement model meets CR, standardised loading, AE, and
Cronbach's alpha requirements. This study validates the higher-order concept for measurement
model evaluation. Each component was assessed for reliability and convergent validity. The
study's LOC latent scores are used to assess HOC discriminant validity, according to Sarstedt et
al. (2019). The HOCs (OR, OC, and EF) show reliability and validity. Summarising the results,
all other constructs had reliability >.60 and convergent validity >.50 (Table 2).

TABLE 2: HIGHER ORDER CONSTRUCT VALIDITY AND RELIABILITY

Construct AVE CR Cronbach’s
Alpha
Environmental .620 787 .896

Factors (EF)

Organisational .647 813 .830
Culture (OC)
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Organisational .537 .706 801
Resources
(OR)

Discriminant Validity

The discriminant validity assessment ensures that a reflective construct has the strongest
connections with its own indicators in the PLS path model (Hair et al., 2017; 2019). We check
the OC, EF, and OR's discriminant validity with the LOCs (employee willingness, change
management, top management commitment, competitive pressure, government pressure,
customer readiness, relative advantage, trust, cost, efficiency, ease of use, awareness, knowledge,
training and development, competency, budget, and performance). Another thing we look at is
their reliability and validity. According to Franke and Sarstedt (2019); Gold, Malhotra, and
Segars (2001), Fornell and Larcker's (1981) criterion shows that the construct's square root of
AVE is greater than its correlation with all other constructs, and HTMT is less than.90. Table 3
shows that the measuring model has good discriminant validity for the constructs under study. In
particular, all values are below 0.85, indicating construct discriminant validity. Each construct's
correlations with indicators of other constructs are lower than those of the same construct,
showing that they are separate and not significantly overlapping.

TABLE 3: HIGHER ORDER CONSTRUCT DISCRIMINANT VALIDITY:
HETEROTRAIT-MONOTRAIT RATIO (HTMT)

Construct Al EF oC OR
Atrtificial

Intelligence

Adoption (Al)

Environmental .678

Factors (EF)

Organisational 234 533
Culture (OC)

Organisational 542 674 176
Resources (OR)

Assessment of Structural Model

In PLS-SEM, the structural model evaluation focuses on determining the significance and
relevance of path coefficients, followed by the model's explanatory and predictive power.
Specifically, the structural model reflects the paths hypothesised in the research framework. The
hypothesised paths from the research framework are reflected in the structural model. The
significance of pathways, as well as the R? and Q?, are used for the evaluation. Based on Figure
2, shows that the R? value of a model is 0.381, which means that approximately 38.1% of the
variability in the dependent variable can be explained by the independent variables included in
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the model. In other words, the independent variables (i.e. OC, EF and OR) collectively account
for 38.1% of the variation observed in the dependent variable (i.e. Al).

The quality or goodness of the model is measured by the strength of each structural path, which
is determined by the R? value for the dependent variable, which should be equal to or greater
than "0.1" (Falk & Miller, 2014). Table 4 and Figure 4 show that the R? value of 0.381 is more
than 0.1 which is termed as a substantial value. As a result, predictive capacity is established. Q?
also confirms the predictive importance of endogenous components. A Q? greater than "0"
indicates that the model is predictively relevant (Q* = 0.109). In addition, the model fit was
evaluated using SRMR. The SRMR score was 0.056, which is less than the necessary value of
"0.10", indicating an acceptable model fit (Hair et al., 2016).

Figure 4: Structural Model
TABLE 4: HYPOTHESIS TESTING (PATH COEFFICIENT)

Hypothesis  Original Sample Standard T statistics P Result
Sample Mean Deviation (O/STDEV) Values
(O) (M) (ST DEV)
H1EF-> Al .085 077 .069 1.895 .001 Supported
H2 OC -> Al -.153 -.093 091 4.325 .002 Supported
H3 OR -> Al .947 916 .067 14.090 .000 Supported
Goodness of Estimate Threshold
the model
R? 0.381 More than Acceptable
0.1
Q? 0.109 Greater Acceptable
than 0
SRMR 0.056 Less than Acceptable
0.1

EF, OC, and OR significantly impact Al adoption (EF-AIL: = 0.085, t=1.895, p < 0.001), OC-
Al: B =-.153, t = 4.325, p < 0.001), and OR-AI: B =947, t = 14.090, p < 0.001). Consequently,
H1, H2, and H3 were supported. Results have little impact on Al. The statistically substantial
positive connection suggests that EF, OC, and OR approaches could influence Al. To increase Al
outcomes, SME organisations may benefit from improving OR, OC, and EF processes. These
findings might help decision-making and resource allocation by highlighting the importance of
critical factors in promoting Al outcomes and identifying areas where efforts might not be
effective.

DISCUSSION

The study showed that Top Management Commitment (TMC) and Organisation Readiness (OR)
had a substantial effect on Al adoption, confirming hypotheses H2 and H3. The considerable
positive relationship between TMC, OR, and Al adoption implies that investments in these areas
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may have a major influence on Al outcomes for SMEs. These results may help to guide decision-
making and resource allocation by emphasising the relevance of OR and TMC in obtaining
desired Al goals and recognising areas where efforts may be ineffective. For strategic decision-
making, the significant relationship between OR and Al implies that organizations should focus
on optimizing their organisation readiness to improve Al outcomes (Aboelmaged, 2014). This
could involve streamlining processes, enhancing efficiency, and investing in technological
advancements to leverage the potential benefits of Al. Given the significant relationship between
TMC and Al, organizations should prioritize the development and training of employees in
relevant technological and managerial competencies. This includes providing opportunities for
upskilling and reskilling to ensure that the workforce possesses the necessary skills to effectively
utilize Al technologies. However, contradictory results were observed in small and medium-
sized enterprises lacking top management commitment (Furuholt&@rvik, 2006). This study
asserts that the lack of support from top management is one of the reasons for the lack of
adaptation of Al among SMEs.

Top Management Commitment (TMC) plays a crucial role in influencing Al technology
adoption among SMEs (Daoud et al., 2021). Top management, including executives and senior
leaders, have the authority and responsibility to set the vision and strategic direction of the
organization. When there is a strong commitment from top management to embrace Al
technology, it signals to the rest of the organization that Al is a strategic priority (Jayashree et al.,
2021; Mikalef et al., 2023). This commitment helps align the efforts and resources of the
organization towards Al adoption. Top management commitment is essential for allocating
resources, including financial, technological, and human resources, towards Al initiatives
(Dubey et al., 2018; Soltani, 2005). Without the support and commitment of top management, it
can be challenging to secure the necessary resources to invest in Al technology, infrastructure,
and talent acquisition (Deepu& Ravi, 2021; Lemos et al., 2022). TMC ensures that the SME
organization allocates adequate resources to support the successful adoption and implementation
of Al

Organisation Readiness (OR) plays a significant role in influencing Al technology adoption
among SMEs. Al adoption requires a robust technological infrastructure that can support the
implementation and integration of Al systems and applications (Johnk etal ., 2021).
Organisational Readiness involves evaluating and improving the technological infrastructure to
ensure it can accommodate Al requirements, such as processing power, data storage capacity,
and network bandwidth. Al adoption often entails changes in work processes, roles, and
responsibilities (Hashim et al., 2021; Hradecky et al., 2022). OR involves effectively managing
these changes by providing clear communication, training, and support to employees. It is
important to engage employees throughout the Al adoption process, addressing any concerns or
resistance they may have. Organisation Readiness ensures that employees understand the
benefits of Al technology, are equipped with the necessary skills, and are prepared to adapt to
new ways of working (Aboelmaged, 2014; Indriastuti and Fachrunnisa, 2021). By addressing
these aspects of Organisation Readiness, SMEs can enhance their readiness to adopt Al
technologies, overcome potential barriers, and maximize the benefits of Al adoption.

The statistically significant relationships suggests that changes in these variables (i.e. OR, EF,
OC) may not have a significant impact on the variable Al (or its demonstration). Practically, this
implies that efforts targeting changes in OR, EF, OC may not yield substantial or noticeable
effects on Al, and other factors should be considered or explored. The findings of this research
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are extremely reflected in the actual state of SME activities in NCR-Delhi (Jaganathan et al.,
2018). This absence may disproportionately impact SMEs, whose limited financial, technical,
and human resources may impede the establishment of a successful digital technology adoption
path (Battistoni et al., 2023; Wu et al., 2023). In practice, SMEs' difficulty in embracing Al
technology may be caused by various problems. The results above support the findings of
previous studies, among others lack of the ability to recognize the benefits that ICT or
technology, lack of affordability of ICTs, poor infrastructure, and lack of adequate training and
support (Oz and Sosik, 2000; Wei and Pardo, 2022). Even if they (i.e. OR, EF, OC) are
statistically significant, organizations may still consider allocating excessive resources towards
these areas concerning improving Al outcomes. So that considering other factors they may re-
tune the resources more strategically towards OR and TMC initiatives that have demonstrated a
significant impact on Al.

CONCLUSION

In conclusion, this study studied the factors influencing Delhi NCR SMEs' Al adoption. The
Smart PLS 4 programme analysed data from 196 simple random sample responses. All research
instruments and survey data acquired from the measurement model and structural model utilising
the "bootstrapping™ analysis and the "PLS-SEM” method had values above the benchmark value,
as suggested by Hair et al. (2017). According to the findings, organisations should prioritise
knowledge, trust, and efficiency in resources, change management, and competitive pressure in
culture and environment to improve Al outcomes. Organisational culture and environmental
factors were equally important in this study. Advocating for all three HOCs to boost Al adoption.
By efficiently planning for training and development and prioritising cost-based Al technologies
that may improve competency and efficiency, Indian enterprises can raise their chances of
successful Al adoption for digital transformation. Addressing these issues will help firm owners
develop effective strategies, frameworks, and tools to help SMEs harness the benefits of Al
technologies and improve performance through an enhanced understanding of the opportunities
and challenges of Al adoption in SMEs. The result should result in high trust, competency, and
relative advantage. Overall, awareness of new Al tools and solutions is required to aid Al
technology adoption. Without proper adoption, using Al technologies as supporting tools will be
challenging. These obstacles must be overcome for Al to gain widespread acceptability.

Limitations and Future Direction

This study delimits Al technology's widespread implementation to Delhi NCR SME adoption
only. More specific studies should be conducted to assess the acceptance of Al technology in
product development, customer service, sales, and advertising. Another drawback is the study's
sample size (196). The sample results may be less indicative of the population for this study.
Moreover, it's harder to capture SMEs' Al adoption experiences, views, and settings with fewer
data points. SMEs in different locations may face different Al adoption obstacles and
opportunities. Furthermore, age, gender, and business size can be used as moderators to study
new dimensions and insights on Al adoption and outcomes. This study may not reflect the
experiences or tendencies of SMEs outside Delhi, NCR. Future research should involve SMEs
from varied areas to better understand Al adoption and its ramifications and increase external
validity. This would enable SMEs in varied contexts to understand their difficulties and
possibilities and design more robust and relevant Al adoption plans. Finally, Al use in SMEs
may displace workers. A future study should address how Al affects SMEs and micro-
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enterprises, as well as ways to prevent negative effects such as job losses, lack of opportunities,
and re-skilling and upskilling initiatives.
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ABSTRACT

Artificial intelligence tackles the environmental challenges of managing information technology
based on a multi-based platform. It improves the quality of day-to-day work routine and even
complicated tasks, within a short period. The manpower and machine power combined creates a
suitable development in economic growth. The researcher tries to study the influence of artificial
intelligence and knowledge management to have suitable growth in the IT sector. As we know,
the implementation of Industry 5.0 has caused a dramatic change in every sector.The Industry
needs to adapt to the knowledge management culture to retain competitiveness in the local and
international levels. The researcher examines the growth of knowledge management at the times
involving artificial intelligence through descriptive analysis. In this paper especially focus the
selected employees in the IT sector with 160 samples.The major finding of the study revealed that
have good influence sustainability growth in artificial intelligence and knowledge management
in the IT sector.

KEYWORDS: Attificial intelligence, knowledge management, growth, suitability, multi - based
platform.

1. INTRODUCTION:

Avrtificial intelligence plays a vital role in knowledge management and comes into transformation
again in how knowledge is carried out and how it is framed, developed, shared, and efficiently
used within organizations. Knowledge management is the ambidextrous area that occupies
psychology, epistemology, and cognitive science. Knowledge management focuses on permitting
people to communicate, share, and reuse knowledge. The present-time influence of artificial
intelligence on knowledge management is leading the way for future applications, especially in
the It sector.
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The biggest question that arises in everyone’s mind is where does the connection between
knowledge management and artificial intelligence start? In recent times, computerized models
simulate human thought processes. It involves learning artificial neural network software that
uses big data mining, pattern recognition, natural language processing, etc. The collaboration
occurs in automation, communication interface optimization, and insight generation. Knowledge
management used in many associations with the procreation of knowledge in disciplines such as
Management of information, innovation, and invention has the main contribution to broad
knowledge. Particularly in the IT sector, implementation of the perspective of business
operations and customer service and needs may have been unknown to the organizations.

The sector has tremendous growth in technology. Implementing Industry 5.0 may develop
suitable in corporate sector. Some studies have proved that the influence of artificial intelligence
causes standard growth in knowledge management. Hence, the researcher is interested in
analyzing the factor that have more influence in knowledge management.Studies proved that this
knowledge management made great influence of sustainable growth of employee commitment
and organization culture. Another dimension of knowledge management is updating the machine
learning concepts. These factors made drastic growth on personal intelligent assistants,
collaboration of knowledge and general intelligence.

2. REVIEW OF LITERATURE

IIZE BIRZNIECE (2011) studied artificial intelligence in knowledge management
implementation in Poland IT sectors. The study focused on the artificial intelligence and
knowledge management software implication and the study follows the various aspects of
knowledge creation and knowledge sharing its concentrate only on descriptive aspect. The major
findings of the research is engaging the people in implementation to learn who software works
and impact in people involvement in the learning.

MOHAMMAD HOSSEIN JARRAHI & DAVID ASKAY (2022) made a study on artificial
intelligence and knowledge management implementation of Al. The main objective of the study
is to understand the impact of artificial intelligence technologies in the implementation of people
finder knowledge management. The primary data was collected through interview and
questionnaire method is used. It is find the impact in employees towards the implementation of
Al. Simple random sampling method is used with 120 sample respondents. The major finding of
the study is to redesign of automation and augmentation provide a mix of skills and perspectives
that are critical to the implementation of Al systems. If the management properly consider this
and try to minimize the force of work load in implementation towards the knowledge
management system increased.

3. STATEMENT OF PROBLEM

Specifically in the IT sector, the organization must be able to update the current scenario in a
timely manner. As a result of many advanced technologies being implemented, learning more in
day-to-day activities becomes easier and easier. Expanding industries and innovation models in a
sector can be viewed as sowing seeds for new opportunities in the sector, giving new
opportunities to new entrants. Due to the high cost of implementation and the lack of
understanding about the new developments in the business, this leads to more misrepresentation
on the part of the company.
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&

OBJECTIVES

To identify various knowledge management techniques used by IT sector.

To study the employees perception on various knowledge management used by IT sector

To analyze the relationship between artificial intelligences and knowledge management.
5. RESEARCH METHODOLOGY

The study relies on descriptive and empirical methods. Primary and secondary data were used in
the study. The primary data were collected through the use of a questionnaire, and the secondary
data were collected from journals and websites. The sample size used for the study is 110, and
the sampling method used to collect the data for the study is a simple random sampling method.
In order to analyse the data, Chi-square, t-tests, ANOVAs, correlations, and regressions are used.

6. ANALYSIS AND INTREPRETATION
A. Descriptive statistics

TABLE: 01
Descriptive Statistics

N Minimum [ Maximum | Mean Std.
Deviation
Machine Learning 110 2.25 4.75 3.9113 49815
Could Computing 110 2.25 5.00 3.9435 .50086
Learning Processing 110 3.00 4.75 3.8185 47298
Knowledge Acquisition 110 3.00 5.00 3.8306 .55584
Knowledge Sharing 110 3.00 4.75 3.7944 55723
Overall Artificial Intelligence 110 3.25 4.58 3.8911 28772
Overall Knowledge Management |110 3.00 4.75 3.8125 48952

Source: Primary data

The table 1 shows the descriptive details of knowledge management and its variables. Overall
knowledge management has a mean score of 3.813which says that organisation have using
various types of knowledge management practices. The highest is found in could computing
machine learning and knowledge acquisition which average score is more than the mean score of
overall Artificial Intelligence.

B. ANOVA

Hol: There is no significant between age of the respondents and perception of employees on
various knowledge management practices used by IT sector.
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TABLE: 02 showing the significant difference between age and perception of employees on
various knowledge management practices

SI.No |Particulars Sig.
1 Machine Learning .001
2 Could Computing .005
3 Learning Process .002
3 Knowledge Acquisition |.043
5 Knowledge Sharing .001

Source: Primary data

Table 2 states the significant difference on the perception of employees towards various aspects
of knowledge management based on the age of the respondents. The P value for all aspects
except satisfaction on knowledge acquisition is greater than 0.05 which states there is no
significant difference on age.

C. CORRELATION ANALYSIS

HO02: there is no significant relationship between artificial intelligence and knowledge
management

TABLE: 03 showing relationship between artificial intelligence and knowledge
management

Independent variables | Dependent variables Pearson correlation | P value

Artificial  Intelligence | Knowledge acquisition | .536 .000
technology Knowledge sharing 547 .000

Table 3 portrays the correlation between the dependent variables knowledge management and
independent variables artificial intelligence technology. Knowledge management has shown
higher significant relation with P value .000.

7. FINDINGS

e The knowledge management in the IT sector is satisfactory that the various knowledge
management practices are handled by the organization.

e Most of the respondents prefer the machine learning and knowledge sharing in the
organization.

e Correlation results show that there is high correlation between knowledge management on
artificial intelligence tools are used by the organization

e Proper awareness of the artificial intelligence in organization encourages employees to work
more than before.

e Knowledge sharing practice is increased after the post pandemic

e The company should formulate guidelines for the proper utilization of the Al tools in the
organization.
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10. CONCLUSION

Knowledge management is essential for organization success. Today the IT industry is facing
lack of awareness and criticism. Employment hiring became low in the information technology.
Implementation of artificial intelligence emerged as essential pillars for ensuring responsible and
socially conscious practices. Companies that embrace these principles will benefit from
increased competitiveness, greater customer trust and reduced environmental impact, while
making a positive contribution to global sustainability efforts. By fostering a symbiotic
connection between Al and knowledge management, they can harness the complete potential of
technology to drive positive change, proceed human knowledge and generate a more sustainable
and equitable future. It is essential for the implementing updated knowledge management
practice in the IT sector to increase the job satisfaction among employees.
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